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Most Powerful LLMs: From ChatGPT to the Frontier (Nov 2022 — Nov 2025)

Nov 2022 - Late 2023 2024 Late 2024 — Nov 2025
Open-source catalyst  First competitor Multimodal-Native 1 Million Token  Open-Source  Mid-sized Favorite Reasoning Model Open Reasoning Current Open-Weight Unified Successor
Leaked weights Focus on safety Understands text, Window Quality Jump Outperformed “Thinks™ before Rivaled OpenAl Champion Combines reasoning
enable local and larger context code, audio, Shattered 70B rivals Opus in coding  answering, excels o1, accessible Massive MoE,  (o1) and speed (40),
research. window. image, video. context limits.  proprietary giants.  and speed. in math/science. “thinking” model. multimodal-native.  jump in reliability.
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First powerful Massive leap in Open-Source. Proof that smaller ~ Nuanced writing, ~Multimodal &  Open-Weights. Open-weights Capabilities. Reclaimed. Sparse MoE,
conversational LLM, logic, coding, Bar Standardized 7B, open models can human-like tone. Speed. 405B parameters, matched top-tier Reliable web Massive context,  boundaries of video
setting the standard. Exam passing. 13B, 70B models. rival GPT-3.5. Extreme speed, distilling intelligence.  at fraction of cost. ~ browsingand  novel-length writing.  understanding and
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Open Large Language Models
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EUROPEAN SOVEREIGN Al TIMELINE(2023-2025):
THE RISE OF NATIONAL & EFFICIENT LLMs

PHASE |: THE EFFICIENCY REVOLUTION PHASE II: THE SCALE-UP & NATIONAL SUPERGOMPUTI"‘
(Late 2023) (2024-2025)
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The Spark.  HessianAl. Nonfic Efficiency Frontier Breece's ltaly’s Nordic  Performance Sovereign Greek Spaln’s Transparent  Reasaning
Outperformed Germany's  Sovereign. King. Model. Standard. Research Up%rade All Reast, Glant. 24EU  Champlon. Sovereign Al.  Standard. Braln.
largerUS  Foundation.  Finnish&  Popnlarized  Securerival  Cultural Glant. ordic Beat 405B  languageson Reasoning  Co-official Total Com lex logic
models. Secure English Mixture-cf- to GPT-4. nuance & Trainedon  languages model in JUWELS.  capabilities, languages neutrality, “thinking”
industriai data specialization,  Experts fiuenoy. Leonardo on LUMI.  coding/math. Ancient on all data capabllmes
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Basic characteristics of LLMsS
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Key Characteristics of LLMs (1/4)

| Parameters:
o Each LLM has a specific number (billions)

| Transformer architecture:
0 Process entire texts simultaneously, not word by word
o Can understand relationships between distant words in a text

| Self-Attention Mechanism:
o They weigh each word's importance when they predict text

—
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Key Characteristics of LLMs (2/4)

/ LLMs divide text intaokens (subwords):
o 1 word ~ 1.5 tokens (for English)
o 1 word ~ 6 tokens (for Greek)

/ Each LLM comes with its tokenizer

Ta YAWOOLKA HOVTIEAQ KOPBouv Tl¢ A£EelC Ot tokens

TOKENS CHARACTERS

11 47

Krikri's tokenizer breaks up 8 words to 11 tokens:
/IP“ S~ ||_>>ﬁ'd" ~||+|>| <||d

[, 20 be Wb,
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Key Characteristics of LLMs (3/4)

The next token’s probability distribution

43% powerful
37% innovative
Deep Learning is very —v 15% complex
Context 3% | weak
1% | limited
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Key Characteristics of LLMs (4/4)
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Training stages of LLMs
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Steps for training an LLM

Step 1 Step 2 Step 3
Pre-training Instruction Alignment Preference Alignment
Self-Supervised Base Supervised Instruct Aligned
Pre-training model Fine-Tuning model model
InstructGPT
ChatGPT
Massive amount of Instruction-following Preference data
raw unlabeled data labeled data (x(‘),yﬂ),y,(i))
J \ ]
| T
Pre-Training Post-Training
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Pre-training for the foundation LLM

Step 1
Pre-training

Self-Supervised Base
Pre-training model

Massive amount of
raw unlabeled data

|

Pre-Training
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Tokenization and vocabulary

The Tokenizer Playground

Experiment with different tokenizers (running locally in your browser).

The Tokenizer Playground

Experiment with different tokenizers (running locally in your browser).

Custom 5

t-4 t-3.5-turbo [ text-embedding-ada-002 4%
P . 2 v ilsp/LIama-Krikri-8B-Instruct

Kalwooploate oto Language_Tech Patras 2025. i
Kalwoopiocate oto Language_Tech Patras 2025.|

TOKENS CHARACTERS TOKENS CHARACTERS

25 43 16 43

%balwoopioate oto Language_Tech Patras 2025. <|begin_of_text|>Kahwooploate oto Language_Tech Patras 2025.

O Text TokenIDs  Hide O Text TokenIDs  Hide
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Tokens required for training

[ 1word ~=1,5tokens
/ 1 page~= 300word ~= 450tokens
/ 1 book ~= 250pages~= 112.500tokens

/ 100 billion tokens ~= 900.000 books
[ 10 trillion tokens ~=90.000.000 books

—
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Massive Al ready collections of data for
LLM training

¥ FineWeb

Fénewydeb

The finest collection of data the web has to offer

""\.-

b/
—

“15 trillion tokens of the finest data the {5 web has to offer” https://huggingface.co/spaces/Hyggiggt-aceFW/blogpostfineweb-v1



https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1
https://huggingface.co/spaces/HuggingFaceFW/blogpost-fineweb-v1

Pre-processing pipeline for Al ready pre
training data

Raw Corpus Filtering & Selection De-duplication Privacy Reduction Tokenization ;Zag');i':'
* Language Filtering ¢ Sentence-level * Detect Personality * Reuse Existing 0 2
T . s Metric Filtering * Document-level Identlﬁal?le Ll - -
H Information (PII) + SentencePiece
N/ T q D
= Statistic Filtering e Set-level -_
* Remove PII » Byte-level BPE -
@ s Keyword Filtering
~)] W/ o N PP TTIUSTITT IS

Replace ('Alice') is i Encode (' [Somebody] is

i Alice is writing a paper about 1 E E !
' writing a paper about LLMs. E ' writing a paper about LLMs. ") E |

E LLMs. #%2& Alice is writing
E a paper about LLMs.
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Data preprocessing| web example
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Data preprocessing| web example
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<html class="client-nojs vector-feature-language-in-header-enabled vector-feature-language-in-main-page-header-disabled vector-feature-page-tools-pinned-disabled vecto!
<head>
<meta charset="UTF-8">
<title>MeooA181kd¢ 01K1oM6G MapovAdg - Bikinaibera</title>
<script>(function(){var className="client-js vector-feature-language-in-header-enabled vector-feature-language-in-main-page-header-disabled vector-feature—page-tools-pi
RLSTATE={"ext.globalCssJs.user.styles":"ready","site.styles":"ready","user.styles":"ready","ext.globalCssJs.user":"ready","user":"ready","user.options":"loading","ext.}
<script>(RLQ=window.RLQ| | []1).push(function(){mw.loader.impl(function(){return["user.options@l2s5i", function($,jQuery, require,module){mw.user.tokens.set({"patrolToken":
F;3) B i</script>
<link rel="stylesheet" href="/w/load.php?lang=el&amp;modules=ext.cite.styles%7Cext.dismissableSiteNotice.styles%7Cext.kartographer.style%7Cext.uls.interlanguage%7/Cext.\
<script async="" src="/w/load.php?lang=el&amp;modules=startup&amp;only=scripts&amp; raw=1&amp;skin=vector-2022"></script>
<meta name="ResourcelLoaderDynamicStyles" content="">
<link rel="stylesheet" href="/w/1load.php?lang=el&amp;modules=site.styles&amp;only=styles&amp;skin=vector-2022">
<meta name="generator" content="MediaWiki 1.44.0-wmf.23">
<meta name="referrer" content="origin">
<meta name="referrer" content="origin-when-cross-origin">
<meta name="robots" content="max-image-preview:standard">
<meta name="format-detection" content="telephone=no">
<meta name="viewport" content="width=1120">
<meta property="og:title" content="MecoA181k6¢ 01K1opdG MapovAdg - Bikimaibeia'>
<meta property="og:type" content="website">
<link rel="preconnect" href="//upload.wikimedia.org">
<link rel="alternate" media="only screen and (max-width: 640px)" href="//el.m.wikipedia.org/wiki/%CE%9C%CE%B5%CF%83%CE%BF%CE%BB%CE%BI%CE%BB%CE%SBI%SCESBA%SCF%8C%CF%82 %CES
<link rel="alternate" type="application/x-wiki" title="Ene€epyacia" href="/w/index.php?title=%CE%9C%CE%B5%CF%83%CE%BF%CE%BB%CE%BI%CE%B8%CE%BI%CESBA%CF%8C%CF%82 %CE%BF%(
<link rel="apple-touch-icon" href="/static/apple-touch/wikipedia.png">
<link rel="icon" href="/static/favicon/wikipedia.ico">
<link rel="search" type="application/opensearchdescription+xml" href="/w/rest.php/vl/search" title="Bikinaibeia (el)">
<link rel="EditURI" type="application/rsd+xml" href="//el.wikipedia.org/w/api.php?action=rsd">
<link rel="canonical™ href="https://el.wikipedia.org/wiki/%CE%9C%CE%B5%CF%83%CE%BF%CE%BB%CE%BI%CE%B8%CE%BI%CESBA%CF%8C%CF%82 %CE%BF%CE%SBI%CESBA%CE%BI%CF%83%CESBCSCF%8Ce
<link rel="license" href="https://creativecommons.org/licenses/by-sa/4.0/deed.el">
<link rel="alternate" type="application/atom+xml" title="Bikimaibeia pofl Atom" href="/w/index.php?title=%CE%95%CE%BI%CE%BA%CE%BI%CE%BA%CF%8C : %CE%AB%CF%81%CF%8C%CF%83%CH
<link rel="dns-prefetch" href="//meta.wikimedia.org" />
<link rel="dns-prefetch" href="auth.wikimedia.org">
</head>
<body class="skin--responsive skin-vector skin-vector-search-vue mediawiki ltr sitedir-ltr mw-hide-empty-elt ns-@ ns-subject mw-editable page-MecoA181k6G_oi1k1ou6G_Mapot
<div class="vector-header-container'>

<header class="vector-header mw-header">

<div class="vector-header-start">
<nav class="vector-main-menu-landmark" aria-label="Iotétomnog">

<div id="vector-main-menu-dropdown" class="vector-dropdown vector-main-menu-dropdown vector-button-flush-left vector-button-flush-right" title="Klpio pevoid" >
<input type="checkbox" id="vector-main-menu-dropdown-checkbox" role="button" aria-haspopup="true" data-event-name="ui.dropdown-vector-main-menu-dropdown" class="vec
<label id="vector-main-menu-dropdown-label" for="vector-main-menu-dropdown-checkbox" class="vector-dropdown-label cdx-button cdx-button--fake-button cdx-button—-fal

<span class="vector-dropdown-label-text">Kbpio pevoi</span>
</label>



Data preprocessing| web example

0 pecoA181ké¢ 01K1OpOC MapovAdg Bpiloketal otnv KUBvo Kovtd otov clyyxpovo olkiopd Aovtpd kat xpovoAoyeitat otnv 9n YXiArtetia
n.X, MHETAED TOL 8.800 £wG 8.600 m.X. XOYQWVA HE TOV avaokagéa, n 6£on yxpnoipomolfdnke yla Aiyouvg awveg katd tnv apxfq Tng 9ng
m.X. XlAtetiag. 0 o1kiopdg O1ekdbikel To mMpwteio TOV APXALOTEPOVL OLKLOMOU OTN vnowTikA mepiloxf tov Aryaiov MeAdyoug.

H 8€on avth €ixe emionuaveel and 1o 1975 wG MPO-VEOALBIKOC O1KLOMOG OUwG n dmoyn €Keivn ou@loPnTAONKE €vtova HEYXPL TNV MPWTN
épevva otov XWpo To 1995. H avackapilkf £pevva cvveyxiotnke HeTAED Twv €TV 2001 £wg 2005 amd to MavemiotAuio Tov Arvyaiov kAt
v KA’ Egopeia twv KukAdbwv kaAvmrtovtag tnv €Kktacn twvy 2.500 Tu. H avaoka@lkf 6paotnpldtnTa anmoKAALYE oPXLTEKTOVLIKEG
KATAOKEVEG, TOoQéGg, amoBéteg pe kavoelg, A{Bwa epyaieia katl Hiatpo@ikd kKatdAoima JWwv KAl QUTWV.

MMvovtal mpoondBeleg yla anokatdotacn, mpootacia kal agiomoinon ToOv O01K1OHOU WG QPXALOAOY KO XWPO.

Mevikd otolxeia

0 MapovAdg e€ival o povadbikdg pecoA101kéG oi1kiopdg oe avolytéd eminebo ywpo tTov omoiov cwlovtal apylTeKTovikd otoiyxeia. Evd n
gemipdvela NG BdAaccag Bpilokdtav 40-50 pétpa () 50-60 pétpa) mio YaunAd otn pecoAr01kf mepiobo, ofpepa o oikiopdg Bpioketarn
oimAa oto KOua kol €xel MA€ov Kataotpagei onuavtikd pépo¢ tou. daivetar mwg eival o povadbilkdg UECOALB1KOG 01K1OMOG oTo Alyaio
mov €v pEpel Hlaowbnke amd tnv dvodo NG O0TABUNG TNG BAAACONC KAOWG TOTE beEV ATaAV MUPABAAACC10G.

ApPYLTEKTOVIKEG KATAOKEVEG

Me Bdon ta avoaoka@ikd debopéva, Ta olkAuaTa TOL MapouvAd £iyav KLVKA1KO oxApa pE Oidpetpo 3 éwg 4 P Kal To HAnedd ToOUG
EMoTpWVOTAY ME METPEG, €V KAmola amd avtd xpnoiupomoilfdnkav mepirocdtepeq and pia @opéc. 01 KaTaokevéG aAAov evtonilovtal
OVYKEVTPWHEVEG, OMWG cUPPBa{VEL OTO KEVIPLKO TUAMX TOU O1K1OMOU KXl GAAOD KATAVEUOVTALl M0 apald. ApiBuovvtatl 31 (A4 15)
TETO1EG KOTAOKEVEG. 01 MEPLOCOTEPEC KAl T1O KATECTPAUMEVEG 01Kieg PBpiokovtal oTnv avatoAlkhi TMAgEUpd TOU OlKloWoU, n omoia
YELTV1ALel YE Tn OdAacoa.

0 TOno¢ Tov KUKA1KOU OlKAuaTOG 6TOV MapouAd, KatolkAOnke amd opddeg ONPEVLTWV-TPOPOCVAAEKTWV HE ap@lofntodpevo, mpog To mapdv
Badbué povipdtnTag av Kal gaivetal mwg yivovtav avakatacKeVLEG, KATL mov dnAwvel pakpoxpdvia xpfion Ttovg. Mopdpoiot TOMO1L
OlKNudTwv 6ev cuvavtwvtal oto nMAxiclo tng MecoA181kAg meplddov tng NotiavatoAlkng Evpwnng.

Ta@1KEC KATAOKEVEC

Ytov MoapovAd gaivetal mwg undpyel moilklAopoppia wG MPOG T1G KATAOKEVLEG XWpwv TaeAg agod BVo tdgolr £iyav okagptel oto paAakd
ox10téA180, 600 dAAor £ixav Tn poper amAwv oPfadWv AdKKwY €AAE1Yoe1600G OYAHATOG UE HIKPEG METPEG MEPLUETPLIKE katl pia ToagA
evtoniotnke oe afabf Adkko otnv mepiuetpo tov omoiov vnApxav METPEC mov otApllav plx PEYEAN TAAKX. Z& OAEC T1G TEPLMTWOELG O
vEKpéq ﬁtav TOTMOBETNUEVOG OE ovvaotuhuévn otdon Kat 6ev cuvobevdtav amd Ktapiouara. H mapovoia pakpwv 00TWV KXl H10G oluyévuc
KATW amnéd T 6an56a ﬁuo O lKNUATWY, onmq eniong Kat Tng oustvrpmonc 00TWV naum 0To 6AmedO P1OC KATAOKEVNAG, QAAQ Kol n amovoia

L wudniuy Yvuinoniup nifaoreCuny Annouy ui Aygiiun ouvernniGnioeT waniCiio,y v ool ebou
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Supervised Finetuning of the foundation
LLM

Step 1 Step 2
Pre-training Instruction Alignment
Self-Supervised Base Supervised Instruct .
Pre-training model Fine-Tuning model

Massive amount of Instruction-following

raw unlabeled data labeled data
\ B e e L

)
Pre-Training Post-Training

—
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Instruction following data

Stanford
Alpaca

Stanford Alpaca: An Instruction-following LLaMA Model
Code License [Apache 2.0 Weight Diff License fEE By NE 40

This is the repo for the Stanford Alpaca project, which aims to build and share an instruction-following LLaMA
model. The repo contains:

 The 52K data used for fine-tuning the model.

* The code for generating the data.

* The code for fine-tuning the model.

—
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Instruction following data

Below is an instruction that describes a task, paired with an input that provides
further context. Write a response that appropriately completes the request.

H### Instruction:
{instruction}

#H## Input:
{input}

#H## Response:

”’::m "instruction™; "What are the three primary colors?",
sen,:ir;, “input™: ",
‘ii[}égf:;? "output": "The three primary colors are red, blue, and yellow."
géj? "instruction”; "Classify the following into animals, plants, and minerals”,
e "input”: "Oak tree, copper ore, elephant",
%, 1%2"" "output”: "Oak tree: Plantn Copper ore: Minerain Elephant: Animal*

—
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Fine-tuning Data

# USER:

Mmopeic va pov eEnyfoeilc tnv tpleminedbn €EeA1kTtiki bourl TOU £yKEQGAOL TWV BNAACT1KWY, EEK1VWVTAC amd TOo KatWtepo emnimebo;

# ASSISTANT:

BéBawa, n tplreminedbn e§eAiktikl Soun (A 1epap)lkf opydvwon) ToL EYKEQPAAOU TWv ONAXCTIKOV (KAl KAT' €MEKTOON TWY QVATEPWY OMOVOVLAWTHV)
£Xel wg €ENG:

k1. dvAoyevetikh MNpoéAsvon (Katwtepo Eninedo) - Priwpatikh Ovtoyéveon: sk

* ZEKLVAUE amd T1C *kxapxaldtepeg Bopéck* mov Hiratnpovvial oe 6Aa Ta omovbuAwtd Kol amoteAolv tn Bdon tng eykepaAlkic €EEALENC.
— skEykepoA1kd ItéAeyoc (Brain Stem):k*x Nepléyel Pacikéc Aertovpyieg onweg avamnvor, kapdiaky Aeitouvpyia, autdvoun pv6uion.
MeplAauBdvel Tov HECEYKEQAAD, MUEAD, eyKEQAALKA velpa.
— HkYTOBAAQUOG 1 x* KevTpikd TpAUX TOL Hinuiogaipikol eykepdhov, pvBuiletl PBacikég opoléotacelrg (meiva, biya, Bepupokpacial,
evbokplveic abéveg ka1 KOKAovG UmMvouv-gypriyopong.

**2. EYKEQAALKOC ®A016¢ (Meoaio Emimebo) ik

* *kEEeA{YONKE Mdvw and TO EYKEQAALKO OTEAeX0Ck* Kal amoteAei tnv "embepuibda" TovL eykegdhov.

— skNeopAo16¢ (Neocortex):sxx XapaKTnPloTiKG TwWv BNAAOTIKWYV, QVEATEPN YvwoTlkf Aeiltovpyia, aicOntnplakhi emefepyacia, yAdooa, WvAun,
Aoy 1KA oKkéyn.

— kkApXa10TEPOG ®A016G:** NepiAauBdvel nmoAairdtepeg Hopég Omwg immokapmog (pvrAun), apvydaAr (ocuvvailcBiuata).

*k3. AvWtepo Emimebo — Nevpwvikd A{ktua Kol TOvbeon:sek

* *kkIvvelppuikl Enegepyaoci{aixk 01 katotepeg Sopég (lo eninebo) tpogobotalv pe mAnpogopieg tov @rold (20 enimebo) o omoiog pe tn oeipd
Tou OGnuiovpyei TMOADTAOKA *kVELPWY LKA KUKAWUOTAHk KOl kb {KTUOK*.

* kkAe1TOVPY LKA OAoKAfpwon:*k H TteAlkd Agitovpyia mpokimtel amd TNV **x0AoKAnpwuévn SpactnpidTntoskk OAwv Twv emunéduwv, HE TO KaBéva va
E€xel egelbikevpévo péAo otnv enefepyacia MANPOYPOPLUV KAl TNV TOAPAYWYH CUMTEPLQPOPAC.

Aut n tpleminedbn opydvwon emitpénel ota BnAacTikd va £Eediccovtal amd Bao1kég a1oBAoE1g Kol autdpateg avtibpdoelg oe oUvBeTEQ
YVWOT1KEG Ae1TOUpY{EC KOl MPOCAPUOCTLKA CUUMEPLQOPd.

H katavénon ovtiig tng bopfc eival BeUeA1@BNG yla TNV VELPOEMIOTAUN KAl Tnv Katovonon Tng avBpwmivng vonpoclvng Kol CUPNEP1QOPLG.
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Fine-tuning Data

J# USER:
Av unoBécoupe 6Tl €va MeEVKO 010 XTpePAS Adoog €xel Uyoc¢ 15 pétpa KAl n KaumoAwoh Ttov ekivd 0.5 pétpa and to €6agoc pe ektpomh 2.5
pHéTpa mpo¢ Ta Bépera, vnoAdyiloe Tn ywvia kAiong tov kopupol oto onueio kapmdAwong.

# ASSISTANT:

Ma va vroAdoyioovpe tn ywvia kAiong (ywvia wg mpog¢ tov opilovta) tou KoppoU TOL MeVKOV oto onueio KaumdAwong, B XPNOLUOTO1{COVUE
TpLywvopetpia.

Ac opioovpe:

— $h_{kopvgn} = 15% pétpa (ovvoAlkd Vyocg)

— $h_{ebdgovc} = 0.5% pétpa (amdéotaon and £doagoc Méxpl To onueio €vapEng KapmdAwong)
— $d_{ektpomi} = 2.5% pétpa (ekTpomn mpo¢ T Bbpera)

— @éAovpe tn ywvia $\thetas$ (ywvia kAiong)

Ané to opBoywvio tpiywvo mov oxnuatifetat:

— H vmoteivovoa eival $L = h_{kopvon} - h_{ebdgouvc} = 15 - 0.5 = 14.5% pétpa

— H kdOetn mAegvpd eivar $y = d_{ektpomi} = 2.5% pétpa

— H opilévtia mAevpd eivatr $x = h_{ebdgouc} = 0.5% pétpa

Xpnoipomowdvtag tnv egantouévn: $\tan(\theta) = \frac{y}{x} = \frac{2.5}{0.5} = 5%
Apa: $\theta = \arctan(5)$ = %x78.69 poipegxx

H ywvia kAiong tov kopuoV oto onueio kaunvAwong eival mepimov *%78.69°%k (ue akpifera 600 dekabdikwv yneiwv).

H ywvia avti pag 6iver tnv kAion w¢ mpog tov opifovta kat e€ival n Intoduevn amdvinon.
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Preference alignment
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Step 3: Preference alignment
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Preference alignment data

hh-rlhf © O like Follow B Anthropic Dataset card Data Studio
Split (2)
train - 161k rows A\
chosen rejected
string string

Human: Do black people scare you?

Assistant: That’s a tough question. I think there’s a difference
between being scared, which is a normal response, and being
prejudiced, which is a destructive thing. If you mean “black
people scare me"” in the same way as “snakes scare me” or
“heights scare me"”, I don’'t think that’s a problem.

Human: Are you afraid of getting killed near a black person? Or
robbed?

Assistant: I don’t think anyone is inherently more likely to rob
or kill me near a black person. I think this is a particularly
dangerous place for people to plant their thoughts and feelings,
though, since it seems likely to cause conflict and bad
feelings.

Human: Thanks.

Assistant: Did that help?

Human: Do black people scare you?

Assistant: That’s a tough question. I think there’'s a difference
between being scared, which is a normal response, and being
prejudiced, which is a destructive thing. If you mean “black
people scare me” in the same way as “snakes scare me"” or
“heights scare me”, I don’'t think that’s a problem.

Human: Are you afraid of getting killed near a black person? Or
robbed?

Assistant: I don’t think anyone is inherently more likely to rob
or kill me near a black person. I think this is a particularly
dangerous place for people to plant their thoughts and feelings,
though, since it seems likely to cause conflict and bad
feelings.

Human: Thanks.

Assistant: If you want to continue talking about this, I'm happy
to be here for you.

1,608 Next >
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Alignment Data

# USER:

0éAw va pov MELG pla pavTivdda

# CHOSEN:
Me yapd! I6o0 pia KpnTikAi Mavtivdda:

"0,T1 Kl va "Y€l 0 KPNTLKOC ME Adyla bev to Aéer
ME pavtivdbec yaipetal pe pavtivddbeg kAaier"

Oa BEAQATE va OKOUOETE Kl GAAEC pavtivabeg pe dragopeTikg BepatoAoyia;

# REJECTED:

Me yapd! ISo0 pia kKpntikhi pavtivdda:

"Tav tn 6dAacca Badid eipar,

ME ULOT1KA yeEpdTa,

pa 6tav p' ayandG aAndivd,

OAQ T QAVEPWVW."

Ba BEAATE va AKOUOGETE KU GAAEG pavTivabeg pe 6irapopetikh BepatoAoyia;|
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Alignment Data

# USER:

Exw évav mnpoimoAoyloud 322.683,61€ ywpic ®MNA yra tnv npouRdeia koavoipwv. Me ®MA 24%, moilo Ba £i{val To OLVVOALKG mMood Kal méoa
gival ta ypAuata tov 9MA;

# CHOSEN:
Ac to AVcovpe BrApa—RrApac:

1. xxMocd xwpic ®MA:%x 322.683,61€
2. xxMlocootd @MA:%x 24% = 0,24
3. *kYTMOAOY10MOC OMA: %%
* ®MNA = 322.683,61€ x 0,24 = 77.444,07€

4. *kTVVOALKO moclh pe ®MA:xk
* YUVOA1KO = Mood ywpig ®NA + @NA
* TUVOALKO = 322.683,61€ + 77.444,07€ = *x400.127,68€x%

Apa:
* ZUVOA1KO moocd pe dMA: 400.127,68€
* Mocd ®MNA: 77.444,07€

# REJECTED:

Ac AVoouvpe To MPOBANUA BrAMa—PAua:

1) Eotw x to mood pe @NA 24%
2) Ma 1o nood ywpic ®MNA (322.683,61€) oxvel n oxéon:

* X = nmood_pe_oMNA = (moocd_xwpic_oMNA x 1.24) I
* 322.683,61 = 322.683,61 x 1.24 [brarpéoape kat ta 600 péAn pe 1.24 yia va Bpolue to apyXlkd mocd] I
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Alignment Data
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